Economics of Disasters and Climate Change (2021) 5:161-176
https://doi.org/10.1007/541885-021-00086-3

ORIGINAL PAPER

®

Check for
updates

Children in Monetary Poor Households: Baseline
and COVID-19 Impact for 2020 and 2021

Oliver Fiala' - Enrique Delaménica? - Gerardo Escaroz® - Ismael Cid Martinez?* -
José Espinoza-Delgado®® - Aristide Kielem?

Received: 18 September 2020 / Accepted: 6 March 2021 / Published online: 11 May 2021
© The Author(s), under exclusive licence to Springer Nature Switzerland AG 2021

Abstract

The impact of the global economic crisis caused by the COVID-19 pandemic will not
affect all children equally: those in poorer households and children who are disadvantaged
face the most serious consequences. As parents lose their jobs and incomes, the impact on
children living in impoverished households must be measured. In this article, we assess the
economic consequences of the pandemic on these children. Given that poorer families have
a larger number of children than other families, the analysis first establishes the proportion
of children living in monetary poor households, as defined by national standards, across
developing countries. Then, using historical changes and trends of income distribution per
country, the latest projections about economic decline due to the pandemic, and demo-
graphic information about the distribution of children by deciles, we estimate the expected
increase in the number of children in monetary poor households in developing countries as
of end of 2020 to be an additional 122—-144 million and, at best, a moderate decline in these
numbers by end of 2021.
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Introduction

Children suffer poverty differently from adults. Their needs, in order to survive and thrive
are different, their dreams and hopes are different, and their necessities ought to be sup-
ported and taken care of by adults, not by themselves (Barnes and Wright 2012; Boyden
et al. 2012; Jones and Sumner 2011; Lyytikdinen et al. 2006; Nieuwenhuys 1994; Words-
worth et al. 2005). Thus, when measuring child poverty, it is important to use a direct mul-
tidimensional measurement. Nevertheless, in the context of COVID-19 and its aftermath,
children’s families are suffering from sharp reductions in employment and income. These
developments also affect children negatively and can lead to a violation of their right to a
minimum standard of living. Consequently, in this article we measure the situation of chil-
dren indirectly by the level of consumption/income of the household.

First, we assess that prior to COVID-19 one out of three children lived in mone-
tary poor households (henceforth MPHs) based on national poverty lines in developing
countries. This is, to our knowledge, the first time such an estimate has been carried out.
Then, we project there could be between 122 and 144 million additional children living
in MPHs by the end of 2020 (compared to 2019). Moreover, there could be between 80
and 144 million additional children in these circumstances by the end of 2021.

We use, country-by-country, the prevalence of monetary poverty based on national pov-
erty lines from the World Bank database, GDP growth projections for 2020 and 2021 from
the IMF and the World Bank, and population growth projections from the UN Population
Division. As, in general, poorer households have more children, we use household survey
data (from Multiple Indicator Cluster Surveys and Demographic and Health Surveys) to
arrive at the share of children per wealth decile. We combine this information with likely
changes in income distribution of varying strength (based on historical trends from the
UNU WIDER database) to establish a range of possible paths for the percentage and num-
ber of children in MPHs.

Ours is one of the few simulations of changes in monetary poverty due to COVID-19
that takes income distribution fluctuations into account (i.e. we do not linearly translate
projected declines in per capita income in the country to all households). Moreover, it is
the only estimate we know that uses country specific data on income distribution by coun-
try (as opposed to a generic assumption about changes in Gini across countries).

Besides this introduction, the article is structured as follows. First, we describe the main
results and sources of data. This is followed by an explanation about how the baseline (the
“pre-COVID” situation) was estimated and how the simulations were carried out. The
assumptions (included discarded ones) and models used to estimate the impact of COVID-19
are explained. The paper closes with a few conclusions and suggestions for further research.

Main Results

The first column in Table 1 shows both the prevalence and the absolute number of children
living in MPHs prior to the onset of COVID-19." Our estimate suggests that a third of
children (i.e. about 591 million children) in developing countries were living in families in
monetary poverty based on national poverty lines.

! The global headcount rate does not include China.
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Without urgent action to protect families from the financial hardships caused by
COVID-19 and its containment measures, the share of children living in households that
cannot make ends meet in developing countries® could reach 37.7-38.9 per cent in 2020
(Table 1). This is equivalent to a total number of children living in MPHs between 713
and 735 million, an increase of between 122 and 144 million in comparison to the baseline
(Table 1).

Although the 5-7 percentage point increase in the prevalence of children living in
MPHs may seem small, it represents an increase of about 24 percent in the number of addi-
tional children. The countries across Eastern Europe and Central Asia, as well as East Asia
and Pacific could see the most significant increase in absolute numbers, with an increase by
50-55 per cent.® Figure 1 illustrates the increase in prevalence of children living in MPHs
globally, caused by the worsening economic situation and the changes in the underlying
income distribution.

We also use economic projections for 2021 to extend our estimates on children living in
MPHs to that year. The estimate comes with a large degree of uncertainty, as illustrated in
Fig. 1.

Table 2 shows the projected prevalence and total number of children living in poverty in
2021. With GDP projections only showing to a moderate recovery in many countries and
increasing child populations, we do not expect to see the number of children in monetary
poor families to decrease to pre-crisis level in the following year. Our estimates suggest a
global headcount rate between 35 and 39 per cent in 2021, equivalent to 669—735 million
children living in MPHs. In the best-case scenario this would be a reduction of 44 million
children in comparison to 2020. This means, even in the best-case scenario, we expect a
reduction in total number in 2021, which is about a third of the increase in 2020. In the
worst case, both the prevalence rate and absolute numbers might stay the same in compari-
son to the 2020 level.

Our estimates suggest that East Asia and Pacific (without China) would expect a
decline in 2021 (compared to our projected increases in 2020), with prevalence rates in
the middle scenario decreasing by 11 percent. Only in South Asia is a reversal between
2020 and 2021 also projected (both in prevalence and absolute numbers). In the other
regions (in particular, those with the highest burden of children living in MPHs, such as
Sub-Saharan Africa and Latin America and the Caribbean) do not seem to fare better in
2021 than in 2020.

The results from Tables 1 and 2 could be summarized in Fig. 2. There the total change
(i.e. the increase and the partial but not compensating reduction) in the number of chil-
dren in MPHs is shown. According to the middle scenario, for all developing countries,
the projection is that by the end of 2021 there would be about 110 million additional chil-
dren in these households. For the most pessimistic scenario, these numbers would be up to
132-144 million children. However, in the most optimistic outlook, these numbers would
be 7688 additional million children compared to the pre-COVID situation.

2 The countries have been grouped into geographical regions and exclude industrialized countries.

3 This is mainly due to the sheer population size of China, although in percentage terms, both before and
after the impact of COVID, the prevalence of children in MPHs is comparatively low.
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Table 1 Pre-COVID 19 Baseline and projected prevalence of children living in monetary poor households
in 2020

Region Pre- Projections
COVID
19 base- Lower Lower Middle Upper Upper
line ound bound bound bound
(outer) (inner) (inner) (outer)
Headcount (%) in 2020
East Asia and Pacific (with China) 7.9 11.6 11.9 12.1 12.1 12.3
East Asia and Pacific (without 16.1 17.6 18.3 18.5 18.6 19.3
China)
Eastern Europe and Central Asia 14.1 17.5 18.8 19.1 19.4 20.9
Latin America and Caribbean 38.2 47.2 47.8 48.0 48.2 48.4
Middle East and North Africa 26.2 30.7 30.7 30.9 31.2 31.2
South Asia 28.1 36.0 36.4 36.7 37.2 37.2
Sub-Saharan Africa 46.4 50.3 50.6 50.7 50.9 51.1
WORLD 323 37.7 38.1 38.4 38.6 38.9
Absolute number (in million) in 2020
East Asia and Pacific (with China)  41.2 60.0 61.5 61.9 62.4 63.8
East Asia and Pacific (without 35.8 38.9 40.4 40.8 41.3 42.6
China)
Eastern Europe and Central Asia 14.6 18.3 19.7 20.0 20.3 21.9
Latin America and Caribbean 71.7 88.4 89.3 88.7 90.1 90.6
Middle East and North Africa 40.6 48.2 48.3 48.7 49.1 49.1
South Asia 1733 221.8 224.1 2263  228.6 229.1
Sub-Saharan Africa 249.4 275.9 277.6 2785 2793 280.6
WORLD 590.8 712.6 720.5 725.1 729.8 735.0
Methodology

The Baseline

In order to estimate the proportion of children living in MPHs before COVID-19
across developing countries, we rely on national standards of household poverty, as
defined by the proportion of the population living below the national poverty line.*
This indicator is reported by the World Bank in its World Development Indicator data-
set (World Bank, 2020b).

4 Also see SDG Indicator 1.2.1. (https://unstats.un.org/sdgs/indicators/indicators-list/). This indicator is not
strictly comparable across countries. Countries establish monetary poverty lines differently as the cost (and
components) of the minimum consumption basket to avoid poverty varies from one context to the next.
Nevertheless, the way in which national poverty lines are established are very similar and consistent across
countries (starting with the culturally appropriate/accepted diet to reach a minimum caloric intake and add-
ing additional goods and services — either directly or using an Engel’s Coefficient). Moreover, using strictly
the same monetary value across countries introduces biases. It would be a fluke that the actual cost of the
minimum consumption basket would coincide with such a value, meaning that the actual poor in any given
country would be under-or over-estimated (and no adjustments in the exchange rates can fix this problem).
By using the national poverty lines, we acknowledge the lack of comparability. In addition, the aggregated
number should be interpreted as the “global number of households/people classified as poor by each coun-
try according to their own national poverty lines”.
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Table 2 Projected prevalence of children living in monetary poor households in 2021

Region Lower Lower Middle  Upper Upper
bound bound bound bound
(outer) (inner) (inner) (outer)

Headcount (%) in 2021
East Asia and Pacific (with China) 9.5 9.8 10.2 10.6 11.0
East Asia and Pacific (without China) 15.7 16.2 16.6 16.9 17.6
Eastern Europe and Central Asia 15.7 16.9 17.9 19.0 21.2
Latin America and Caribbean 45.2 46.1 47.1 48.2 49.0
Middle East and North Africa 29.7 30.0 30.8 31.6 31.8
South Asia 31.6 32.1 337 355 35.8
Sub-Saharan Africa 49.4 499 50.8 51.7 52.3
WORLD 353 359 37.0 38.1 38.7

Absolute number (in million) in 2021
East Asia and Pacific (with China) 49.0 50.7 52.7 54.7 56.9
East Asia and Pacific (without China) 34.8 35.8 36.6 374 38.9
Eastern Europe and Central Asia 16.5 17.7 18.8 19.9 223
Latin America and Caribbean 84.3 85.9 87.8 89.8 91.3
Middle East and North Africa 474 47.8 49.1 50.4 50.7
South Asia 194.4 197.4 207.7 218.3 220.4
Sub-Saharan Africa 276.7 279.5 284.5 289.7 293.0
WORLD 668.4 679.0 700.7 722.8 734.6
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Fig.2 Regional distribution of the additional 76 to 144 million children projected to be living in monetary
poor households by the end of 2021

It is well known that poorer families tend to have more children.’ Consequently,
it would not be correct to just apply the percentage of children in the total popula-
tion to obtain the proportion of children among the poor population. We estimate
the proportion of children by decile of the wealth distribution in 98 countries by
processing Demographic and Health Surveys (DHS, phases VI-VII) and Multi Indi-
cator Cluster Surveys (MICS, rounds 4-6) from 2010 onwards. In MICS and DHS
these are wealth (not income/consumption) deciles. Nevertheless, given the data
limitations, this is the best available information and allows comparability across
countries.

Table 3 shows the data availability of poverty prevalence, income distributions, and pop-
ulation data by region. Our database includes in total 159 countries (which excludes indus-
trialised countries), including 29 low-income countries, 50 lower middle-income countries,
55 upper middle-income countries and 25 high-income countries across six world regions.

Also, we can classify countries based on three different types of data:

1) For 104 countries we do have both a baseline of the prevalence of children living in
MPHs as well as income distributions to estimate various scenarios.

2) For 18 countries we do have a baseline estimate of the prevalence of children living in
poverty, however, we do not have income distributions and are therefore we are not able
to estimate the various scenarios for 2020 and 2021.

3) For another 37 we have neither a national poverty headcount for the baseline nor an
income distribution.

National poverty lines are not widely available in publicly accessible databases. We
could have worked with the useful and carefully constructed list of national poverty lines
converted to U$ PPP (at 2011 values) from Jolliffe and Prydz (2016). However, as a typi-
cal example of the difficulties and constraints of data, not all the income and consump-
tion information in the UNU WIDER database are in U$ PPP 2011 values. This means we

3 This stylized fact is known at least since Roman times, from which the word “proletarian” originates.
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would have had to avoid using some observations or go through a process of reconversion/
conversion of their data. However, as Jolliffe and Prydz used the same levels of monetary
poverty headcount as we did, there is no need to engage in such an exercise. Our interest
is in analyzing changes in the distribution of children living in MPHs within each country,
not the comparison of monetary poverty levels across countries.

Thus, the first step is to establish the poverty line in terms comparable to the average
income per decile. The UNU WIDER database allows to distribute the total GDP in the
country among deciles (given the share of each decile in total income) and thus calculate
the average income per decile. We move up the deciles until we reach the level that coin-
cides with the proportion of persons whose income/consumption is below the poverty line.
If the poverty headcount is an odd multiple of five, we establish the poverty line at the level
of per capita income of the corresponding decile (e.g. if the headcount is 35%, we establish
the poverty line at the value of per capita income of the fourth decile). If the poverty head-
count is a round multiple of ten, we set the poverty line at the midpoint between the aver-
age per capita income in the deciles above and below the headcount (e.g. the fourth and
fifth deciles if the headcount is 40%). We used a similar interpolation in other cases, except
for poverty headcounts below 5%, in which case we applied the average per capita income
of the first decile.

Then, we combine the proportion of the population living below the national poverty
line and the proportion of children by decile.® We apply the cumulative share of children
across deciles to the respective poverty headcount. In other words, let us assume there are
100 persons in the country and that 45 of them are children (i.e. children are 45 percent of
the total population). Let us also assume that monetary poverty is 30 percent (i.e. 30 per-
sons). Also, let us assume that the proportion of children in the bottom 30 percent of the
population is 50 percent (and not 45 percent as in the total population). Then, out of the 30
monetary poor persons, 15 are children. This means that one third of the children live in
MPHs. The number of children living in MPHs is 15 and the total number of children is 45.
Thus, out of the 45 children, 15 (or one in three) live in MPHs.

In other words, we add up the share of children (out of the total child population, as
explained above) in each decile until we reach the poverty headcount. Obviously, and simi-
larly to establishing the poverty line, when the monetary poverty headcount rate does not
exactly match a round multiple of ten, we apply the relevant share for the residual decile.
For instance, if a country has a poverty headcount of 45 percent, we sum the share of chil-
dren in the first four deciles and add 50 percent of the fifth decile.

Although this is, to the best of our knowledge, the first attempt to estimate globally
the percentage of children in MPHs using national poverty lines, other authors have car-
ried out similar exercises using the PPPU$ 1.25 and PPPU$ 1.90 metrics estimated by the
World Bank. Most recently, World Bank and UNICEF (2020) estimated that 17.5 per cent

® As explained above, MICS and DHS provide information about distribution of children across wealth
(not income/consumption) deciles. These are based on the well-known Filmer-Pritchett (Filmer and Pritch-
ett 1998, 2001) wealth asset index which combines information from various items in the household (e.g.
bicycle, radio, construction materials of walls, etc.). They use principal component analysis in order to rank
households from poorest to richest (see also Hancioglu 2005; Gordon and Nandy 2012 for alternatives, lim-
itations and historical review of earlier, similar exercises). Obviously, assuming the distribution of children
among wealth and among income/consumption deciles is similar, as we do when we apply these propor-
tions to the distribution of households by income/consumption deciles from the UNU WIDER database, is a
strong one. As explained above it is the best option, given the data limitations.
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of children struggle to survive with less than PPPU$ 1.90 per day, that 41.5 percent of
children live in households with income/consumption of less than PPP U$ 3.20 per day,
and that 66.7 percent of them are in households with income/consumption lower than PPP
U$ 5.50 per day. Batana et al. (2013) show how the prevalence of monetary poverty (over-
all and by age) are affected by assumptions about equivalence of scale.” Newhouse et al.
(2017) provide regional estimates® also using different equivalence scales to compare the
headcount for the whole population and for children. As their data are more recent, we also
carried out the exercise described above using the World Bank estimates of the prevalence
of poverty based on PPP U$ 1.90 (instead of the national poverty the lines as above). Our
results come close to their estimates. This is a validation of the methodology and syntax
used in our analysis, as it allows us to reproduce their results. In a way this is not sur-
prising. Their results are aligned’ with the ones presented in UNICEF (2000) which used
Total Fertility Rate by wealth quintile/deciles to estimate regional headcounts of children
in MPHs (based on the available evidence at that time).

We build the regional and global estimates from the bottom up (i.e. country-by-
country). There are 104 countries (see Table 3) for which we have all the required
information (monetary poverty rates, child population distribution of children per
wealth deciles, income distribution to measure the prevalence of monetary poverty,
past income distributions to simulate change of distribution due to economic shock,
and GDP per capita). For a further 18 countries, we have monetary poverty rates — and
therefore a baseline estimate — but lack country-specific information that would allow
us to simulate the impact of COVID-19. For those countries, we calculate the percent-
age changes observed in other countries in the region and apply those to the existing
baseline. For a final 37 countries we do not have either information and impute the
regional average (weighted by child population) when calculating regional and global
estimates. !

The Impact of COVID-19 on Children Living in Poor Households by the End of 2020
and End of 2021

To assess the impact of COVID-19 on the number of children living in poor households,
we distinguish two effects. One is a per capita income effect, representing the average

7 Deaton and Paxson (1997) have also made this point. Household composition and intra-household allo-
cation are important too. However, as Batana et al (2013) recognize, both data and conceptual models to
deal with these issues need further development (see also World Bank 2018). Cognizant of this, and partly
because we do not use microdata, our estimates assume equal distribution of resources within the house-
hold, no economies of scale, and the same equivalence scale for all the household members. It is too early
in the pandemic and there are no microdata available for most countries to do otherwise. A notable excep-
tion is Martin et al. (2020) who analyze the impact of unemployment and cash transfers on poverty but only
in the San Francisco area (in the United States, a rich and data-rich, country).

8 The two main differences between their estimates and ours (and the reason why we do not take their
regional estimates as a baseline) is that (a) we use national poverty lines and (b) we have country-by-coun-
try data which they do not provide.

% Clearly, they are different, given the time elapsed between the estimates. However, in terms of the propor-
tion between overall and child poverty prevalence, the numbers are strikingly similar.

10" Alternatively, it would be possible to directly estimate weighted regional averages without regard to
countries which may have some of the data but missing other information. However, the method described
above is more accurate as it takes into account all country-specific evidence we may have and is therefore
used in this paper.
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decline in income per person.'! The other one is a distribution effect, considering changes
to the underlying income distribution. In the following, we explain both effects more in
detail. Although the effects were estimated separately, for practical and conceptual reasons,
as they are intertwined in the real world, we do not present them separately and only show
the final result.'

First, we calculate the income effect. COVID-19 has already led to an extraordinary
global economic decline. This has severe effects on household incomes and consumption.
We use the latest country-by-country estimates of real gross domestic products change
between 2019 and 2020 (as well as between 2020 and 2021) from both the IMF (2020)
and the World Bank (2020a). We take the lowest GDP growth or largest GDP decline for
a country (irrespective of whether it is from the IMF or the World Bank), for the “pessi-
mistic” scenario. We take the smallest GDP decline or largest GDP growth for a country
for the “optimistic” scenario. We adjust the estimates of total real GDP with population
growth (United Nations Population Division 2019)'? in each year to calculate the change
in real per capita GDP for each year and scenario. This national rate of change is applied
to the per capita income of each decile. Contrasting these to the previously established
poverty line determines the estimated or projected new level of poverty absent changes in
income distribution.

Second, we consider a distribution effect by calculating differential rates of per cap-
ita income change for different deciles. In the current pandemic situation, it is safe to
assume the decline in income is worse for the lowest end of the income distribution.'*
Informal workers (and even formal ones at the lower end of the pay-scale) do not have
the option to work from home and many petty traders and small business are closing
down, leaving their (usually not well-paid workers) without income.'® This assumption is
strongly supported by recent evidence; workers hardest hit by the current crisis are least
likely to work remotely (see Brussevich et al. 2020). In like manner, Furceri et al. (2020)
find that recent epidemics have raised inequality, lowered the shared of incomes going
to the bottom deciles, and lowered the employment-to-population ratio for those with
basic education. Lakner et al. (2019) simulated the effect of changes in inequality (meas-
ured by the Gini coefficient) on the proportion of people living below the World Bank
line of $1.90/day PPP, showing that a 1% annual change in a country’s Gini index has
a larger impact on global poverty than a 1 pp change of the annual growth rate. While
estimates for the impact of COVID-19 on extreme poverty model changes in the Gini

! This is based on projections of annual rates of economic growth. Thus, the results refer to end-of-year
projections for both 2020 and 2021.

12 We do not model the mitigating impact of social protection and other policy interventions, nor further
possible negative effects like reductions in remittances from family members in richer countries to relatives
in poorer countries (for this see Zambrana Cruz and Rees 2020).

13 We use the average annual rate of change for their “middle” projection.

4 Arndt et al. (2020) and Lustig et al (2020) also present evidence supporting our assumption of a more
unequal income distribution in various contexts and using different methodologies. Interestingly, this
assumption does not automatically lead to increases in poverty prevalence — even when there is an overall
decline in GDP per capita. The following scenario is plausible: per capita income declines but not much,
the prevalence of poverty is high, and there is a shift in income from the bottom to mid- and upper-deciles.
In such case there could be sufficient income gains among people just below the poverty line to reduce the
prevalence of poverty. Such scenario is not only plausible, it happens in two countries in our simulation.

15 Another effect might be at play. During the financial, food and fuel crisis of the 2008-2010 period,
poorer and rural workers did not suffer as much as the urban middle class (e.g. see Kielem 2020). In such
cases, income distribution may become more egalitarian but due to reductions of income among the better
off rather than improvement among the worse off. Clearly, not a good outcome.
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coefficient, they likely miss more complex changes along the income distribution (World
Bank 2020c¢).

To model per capita income rates of change for different deciles (i.e. to arrive at a
less equal income distribution), we used historical evidence on world income inequality
from UNUWIDER (2020) database. Specifically, we collected information on the share
of income per decile. First, we looked for changes on income distribution caused by the
Global Financial Crisis 2008/2009.'% Although not all countries had information for these
years, we used the ones we found. As a second option we used data for the most recent
changes in income distribution. For countries where income distribution has been becom-
ing more egalitarian, we assumed the crisis would reverse the gains of the last few years
(i.e. whichever the most recent years we could obtain were used). For a third group of
countries, the only available data were changes further back in time but not related to the
2008/2009 crisis.!” Our use of previous economic contractions may in fact underestimate
the impact of the current crisis on income distribution: ILO (2020) estimates that workers
in developing and emerging economies, especially those engaged in informal work, have
been affected to a much greater extent (in terms of working-hour losses) than in past crises.

Assuming a constant GDP per capita, but using these estimated shares per decile, allows
us to obtain a new (simulated) average income per decile. Contrasting these to the previ-
ously established poverty line determines the estimated or projected new level of poverty
due purely to changes income distribution. The idea is to apply the (less egalitarian) shares
of income per decile to the new (lower) national average income to obtain the combined
effect.

Before doing that, there is a further issue related to the paucity of income distribution
data. As mentioned above, few countries have annual data, most have gaps of various years
in between data points. The average time span between years for which income distribu-
tion data exist is about 5 years across countries. Thus, a reasonable option would be to
normalize the effect in every country to the equivalent of a five-year period to make them
comparable.

However, income distribution may change quickly in a short period (and then remain
constant or fluctuate sharply back). It could also steadily become more (or less) unequal.
Thus, we explored the average annual rate of change of income shares in each country
(i.e. independently of the number of years between observations).'® This we could use with
more confidence to simulate the impact of COVID-19 on monetary poverty between 2019
and 2020.

Moreover, it is important to ensure that the resulting simulated changes in income shares
by decile resemble the historically observed changes in income distribution. Consequently,
we converted the shares of income per decile into a Gini coefficient. Fortunately, the UNU
WIDER and World Bank database also provides Gini coefficients so we could control that
our approximation is correct.

We recalculate the Gini coefficients for those selected income distributions and com-
pare the yearly change to the regional averages of yearly Gini changes seen across the last

16 Depending on data availability, we tried to identify one income distribution before and after the Global
Economic Crisis 2008/2009 to assess changes to the income distribution.

17 In all cases we look at absolute changes and income distribution becoming less egalitarian, as the idea
is to have informed assumptions about the order of magnitude that specific countries have experienced in
terms of changes in income distribution.

18 Obviously, in the absence of further information, we do not know if we are comparing two peaks of a
fluctuating income distribution or a trough and a peak.
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20 years (World Bank 2020b). We inspect the range (maximum and minimum) annual
average rate of change, as well as the interquartile range, the median, and the mean. For
some countries, the absolute value of the annual rate of change was too large. We could not
safely assume that it would have been representative of the likely distributional effect of the
pandemic and the measures to control it. Thus, we explored and compared the results of
leaving all countries with whatever values the historical trends provided, by using only half
or a third of the change for all countries, and using only the actual values of the countries
with the relatively smaller changes and capping those that were relatively higher. We tried
adjusting the rate of change of any country for which the rate of change exceeded'® the 75"
percentile of the changes, or the median, or the mean (i.e. if their rate of change was “too
high”, the value was set at the regional “maximum” of the mean, median or third quartile).

Obviously, using the full (historically observed) annual rate of change provides the
maximum potential change. We complement this outer bound (for a given pessimistic or
optimistic projection of GDP) with the results of two further distributional effects. In sum-
mary, we obtain three scenarios: a) full distribution effect, b) mild distribution effect, and
¢) least distribution effect, which are as follows:

a) Full distribution effect: we do not adjust the percentage change identified based on
historical data.

b) Mild distribution effect: any distribution of income shares by decile that resulted in Gini
coefficients changes exceeding the 75th percentile of observed changes in Gini across
the same world region was capped at the 75th percentile level and all changes in decile
shares adjusted proportionally.

¢) Leastdistribution effect: any distribution of income shares by decile that resulted in Gini
coefficients changes exceeding the median of observed changes in Gini across the same
world region was capped at the median level and all changes in decile shares adjusted
proportionally.

Bringing income and distribution effects together, we simulated different scenarios,
ranging from very optimistic to very pessimistic. We distinguished in the end between
five scenarios when calculating the impact of COVID-19 in 2020, estimating the poten-
tial effect for two upper and two lower bounds as well as a middle scenario. Figure 3:
Graphical representation of scenarios presents the various scenarios and their underlying
assumptions.

In addition, the various economic outlooks by the World Bank and the IMF also pro-
vide economic projections for 2021, pointing to a slight recovery of the world economy.
Thus, we extend our model an extra year to estimate the consequences this may have on
children living in monetary poor families. We identify five scenarios for 2021, which are
a continuation of the equivalent estimates in 2020 and are based on path dependency®
(i.e. the most optimistic scenario for 2021 starts where the most optimistic scenario
ended in 2020, the most pessimistic scenario for 2021 starts where the most pessimistic

19 The other countries kept their historical values.

20 Lower bound (outer) for 2021: Optimistic GDP growth, Least distribution effect; opposite effect (more
egalitarian), but 33% of effect in 2020. Lower bound (inner) for 2021: Optimistic GDP growth; Mild dis-
tribution effect; opposite effect (more egalitarian), but 20% of effect in 2020. Middle Average GDP growth
for 2021: No change of income distribution. Upper bound (inner) for 2021: Pessimistic GDP growth; Mild
distribution effect; same effect (less egalitarian), but 20% of effect in 2020. Upper bound (outer) for 2021:
Pessimistic GDP growth; Full distribution effect; same effect (less egalitarian), but 33% of effect in 2020.
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Full distribution effect Upper bound
(outer)
Pessimistic GDP
scenario
Mild distribution Upper bound
effect (inner)
Baseline Average of GDP > Mild distribution Middle
scenarios effect
Mild distribution Lower bound
effect (inner)
Optimistic GDP
scenario
Least distribution Lower bound
effect (outer)

Fig. 3 Graphical representation of scenarios

scenario ended in 2020, etc.). In other words, we project two successive scenarios instead
of a one off, two-years period. The income effect is based on country-by-country 2021
projections by IMF (2020) and the World Bank (2020a) and the same logic in terms of
using the most optimistic/pessimistic projection from either agency per country. The dis-
tribution effect follows the equivalent exercise carried out for 2020.2! In the two optimis-
tic scenarios, we also assume we may see a reversal of some of the distribution changes
which occur in 2020. This follows the “reversal” logic of the growth projections. Some
of the increase in income distribution disparity expected in 2020 is softened. This does
not mean that we think that income distribution always becomes more unequal during
recessions and that it becomes more equal during recoveries. The historical experience
does not bear such conclusion. However, if income distribution were to continue deterio-
rating in 2021 as GDP recovers, the resulting level of children MPHs would be confined
within our estimated boundaries.??

Conclusions and Suggestions for Further Work

It is well known that children suffer poverty differently from adults. Their needs,
expectations, and aspirations are different. As children are not supposed to earn a liv-
ing, it is important to assess directly their material shortcoming and deprivations — in
other words, to measure child poverty multidimensionally. Nevertheless, in the context

2l Wwe explored fractions (at 75, 66, 50, 33, 25, and 20 percent) of the projected change in 2020. We settled
on 33 and 20 percent as the ones that had more impact on the final results.

22 We did check that there is no distribution effect (within the historical experience) that would convert a
pessimistic (or optimistic) scenario based on GDP changes into an optimistic (or pessimistic) scenario in
terms of children in MPHs.
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of the current pandemic, as parents lose their jobs and source of income, it is also
important to measure what happens to children living in monetary poor and impover-
ished families.

About a third of the children in developing countries were living in MPHs before
COVID-19. As families see their income dwindle, their home and work circumstances
turned upside down due to the socioeconomic impacts of COVID-19, and their employ-
ment prospects dissipate, children are at high risk to be in MPHs. There could be
between 713 and 735 million children in these circumstances in low- and middle-income
countries by the end of 2020 and between 668 and 735 by the end of 2021, absent action
to prod families facing employment and financial hardship. These numbers represent
increases of 20-24 percent by the end of 2020 and of 13-24 by the end of 2021 (com-
pared to 2019).

Clearly, the wider range for 2021 is the result of wider variability in the projections of
the underlying data further into the future. More than half of these children live in sub-
Saharan Africa and South Asia. The headcount rates are highest in Sub-Saharan Africa and
Latin America. The highest percentage increases in the numbers of children are likely to
occur in Central and East Asia.

As mentioned, these calculations do not take into account the social protection measures
that approximately 212 countries have implemented as a response to the crisis (Gentilini
et al. 2020), many of them with focus on families with children. In the future, when new
household surveys become available, our estimations would inform to what extent those
measures were able to contain the increase of children living in monetary poverty.

The future research agenda will also include estimating extreme poverty and the depth
of monetary poverty, which would be helpful to estimate both the impact and the required
amounts of monetary support households would need to avoid monetary poverty. In addi-
tion, there is need for further disaggregation of these results among and within households
(e.g. by age groups, gender, and urban and rural areas) and across countries (e.g. by level
of income or Human Development Index, by fragility, and by presence of conflicts/humani-
tarian situations). The impact of policy interventions as well as the result of reduced remit-
tances on children in MPHs should also be scrutinized further.

Finally, the calculations for the pre-COVID scenario, to our knowledge the first global
estimation of the prevalence of children living in monetary poor households in the develop-
ing world using national poverty lines, will serve as a baseline for future analysis on this
particular aspect of the situation of children. In particular, as for measuring child poverty
it is important to use a direct multidimensional approach, a future analysis will explore the
overlap for children and adolescents who are multidimensionally deprived as well as living
in monetary poor households in developing countries.
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